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Key Questions:

Who does offshore FDI belong to, what is it
doing where and why?



Key Questions:

Who does offshore FDI belong to, what is it
doing where and why?

Agenda:

- Construction of new FDI dataset through integration of macro
& micro-level sources

- Analysis of determinants of offshore FDI (preliminary with
new data, & older with existing data)

- Concluding thoughts
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(including where data is relatively poor)

- Quantify the residual uncertainty
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From bilateral to trilateral (3D) FDI
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From bilateral to trilateral (3D) FDI

Ultimate FDI Immediate FDI
Source (trilateral FDI) Source (bilateral) FDI Host
(now OECD ultimate (CDIS, OECD,
bilateral data) UNCTAD data)
“Onshore” “Onshore” “Onshore”
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“Offshore” ultimate “Offshore” immediate
parent parent (conduit)



From bilateral to 4D FDI
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Triangulation Approach
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Generating 4D FDI matrix:
Methodology

Monte Carlo simulation of what FDI could be based on “triangulation”
between micro (Orbis) and macro (bilateral OECD and IMF) data

Step 1: Download Orbis data on financials and ownership of all foreign-
controlled subsidiaries in 9 host countries (US, UK, FR, DE, IT, & BRICs)

Step 2: Manually Classify “true” nationality of ca. 6,500 offshore Group
Ultimate Owners in Orbis

Step 3: Generate initial estimates of aggregate FDI from Orbis
company-level financial data

Step 4: Generate large number of randomized matrices of what Orbis-
based FDI estimates “could have just as easily have been” based on
observed error function (Monte Carlo)

Step 5: Adjust values in matrices to force convergence on known
(officially-reported) bilateral IMF and OECD FDI data (by immediate
investor, or immediate and ultimate investor simultaneously)
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What factors influence use of

offshore jurisdictions for FDI?
(preliminary analysis of new dataset)
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Determinants of Offshore % of Outward FDI

Model 1 Model 2 Model 3 Model 4

Adj. r2 0.078 0.086 0.12 0.26
corruption (CPI)* -0.0040***  -0.0032**  -0.0020 -0.0019
0.43 0.44* 0.50**

communist history

corruption x communism -0.0090 -0.0094  -0.0089

offshore jurisdiction -0.17**  -0.24%***

"Bamboo network" 0.22**
British colony 0.20%**
Constant 0.69*** 0.63***  0.60***  0.50***

*>10% significance

** >5% significance

*** >1% significance

H Higher values of Corruption Perceptions Index (CPI) indicate lower corruption
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What factors influence use of

offshore jurisdictions for FDI?
(preliminary analysis of new dataset)

Results of older analysis of determinants of inward
offshore FDI using CDIS data
(from Haberly and Wojcik 2015)
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Wealth and Institutions Variables Results
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and macro-level datasets to make them greater than sum of parts

Data issues (some):

Interpretive issues:
— Convergent evolution of similar structures for divergent purposes (from
nefarious to innocuous)

* Limited “North-South” offshore structural divide in general (except apparent
OECD offshore “club” effect)

* Quantitative impact of communist history, but qualitative diversity in uses and
composition
* Impact of historical and relational path dependency / accretion
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and macro-level datasets to make them greater than sum of parts
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Interpretive issues:

— Convergent evolution of similar structures for divergent purposes (from
nefarious to innocuous)

— Question of how to define “illicit” finance in this context difficult unless funds
are directly derived from illegal activity — offshore system largely a grey area

* Example: Chinese VIEs
* Shaped by onshore tacit political understandings, compromises and deadlocks

* Technically legal loopholes created, and abuses of legal structures or technically
illegal behaviors ignored for various reasons (e.g. backdoor tax relief,
reconciliation of globalization with state economic control)

 Different countries will interpret the same transaction/structure differently
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Discussion

FDI defines backbone of offshore system: need to understand structure and
function to contextualize IFFs (particularly tax-related)

Individual data source limitations, but possible to integrate multiple micro
and macro-level datasets to make them greater than sum of parts

Data issues (some):

Interpretive issues:
— Convergent evolution of similar structures for divergent purposes (from
nefarious to innocuous)
— Question of how to define “illicit” finance in this context difficult unless funds
are directly derived from illegal activity — offshore system largely a grey area
— Question of how to measure progress in combatting tax-related “illicit” flows
also very hard

* Need to make sure apparent progress on IFF SDG indicators isn’t at cross-
purposes to other SDGs

* Race-to-the-bottom in corporate taxation can cause fall in value of both tax
avoidance and tax collection



DESTINATION

The Atlas of Offshore FDI

Investments in

China

Aggregated origins
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British Virgin Islands (VG)
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Coming soon!



Thank You!

d.haberly@sussex.ac.uk
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